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Affordances, Coping, and Blame for Antisocial Encounters on Twitch 

Since the conception of social media, harassment and antisocial encounters have existed. 

With the rise of streaming platforms, harassment has reached new highs and complexities. In 

September 2021, Twitch streamers boycotted Twitch in response to a barrage of hate raids that 

targeted minoritized groups (i.e., Black, queer, and disabled people). These hate raids occurred 

when a certain group of individuals logged on and created an influx of messages in the chat box 

that were sexist, racist, and homophobic (Limbong, 2021). Streaming platforms have become a 

source of income to many and should be viewed as a workplace by the executives and users of 

the platform. In any workplace, accountability, blame, and consequences would exist for 

harassing encounters, however, in the online realm, those conceptions are difficult to define and 

implement, and the attribution of blame depends on a case-by-case basis.  

 Online harassment has been extensively studied, however one gap in the research is 

harassment in the field of streaming communities and masspersonal platforms like Twitch. This 

study will consider the affordances of the platform that lead to such harassment, as well as the 

idea of coping on behalf of Twitch users, as a result of such antisocial encounters. Another gap 

in the research is in the concept of blame, and how blame is being attributed by streamers, , and 

audiences in these situations. In the current study, I will seek answers to questions about three 

areas related to harassment on Twitch. Those areas are the affordances of the platform that may 

facilitate or inhibit harassment, coping strategies adopted by streamers in the face of antisocial 

encounters, and the attributions of blame for harassing encounters. 

Review of Literature 

Explaining the Platform 
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 The concept of online streaming in real time is one that was revolutionized by Twitch. 

Since the streaming technology is relatively new, it is also a platform that is not very well 

researched. Twitch is an online streaming service that is a subsidiary of Amazon.com Inc. and 

focuses on live streaming videos on gaming, sports broadcasts, music broadcasts, and other 

creative content. In 2020 the platform generated 2.3 billion dollars in revenue and logged 18.6 

billion hours watched (Iqbal, 2022). The aspect of the platform that sets it apart from many other 

social media platforms, is that it offers videos streaming in real time. The synchronous nature of 

the platform introduces a hybrid form of communication that has been referred to by scholars as 

masspersonal communication. Twitch bridges the divide between two kinds of communication: 

interpersonal and mass communication. Interpersonal communication is defined in the literature 

by Carr et al. (2017) as two-way communication between people who usually know each other 

personally. Mass communication is defined as a one-way communication to a large group of 

people you may or may not know personally.  

 Twitch represents the intersection of the two, as it has characteristics of each (Carr et al, 

2017). For instance, Twitch has high message accessibility similar to mass communication and 

high message personalization similar to interpersonal communication. In the context of mass 

communication, perceived message accessibility refers to the idea that a message is widely 

accessible by a large number of recipients. Message personalization can be defined as whether a 

certain message is perceived to be tailored toward a specific recipient (Carr et al, 2017). 

Although Twitch has benefits such as employment and allowing people to form shared identities 

(Hamilton et al, 2014), this type of masspersonal platform allows for the occurrence of antisocial 

encounters on the platform due to the high volume and free flow of interactions. 

The Existence of Antisocial Behavior on Twitch 
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 Masspersonal platforms are both interpersonal and have a far reach to a large audience 

which can sometimes lead to distinct forms of antisocial behavior. Antisocial behavior can take 

many forms (e.g., flaming, trolling), but often has a shared characteristic of one or more people 

targeting one or more others in objectionable, offensive, or otherwise negative communication 

(Fox & Tang, 2017). Users are often drawn to Twitch because the speech is unmoderated (Wohn, 

2019). However, scholars have shown that many see Twitch as a source of emotional labor and 

difficulty for that very same reason (Wohn, 2019). Since the platform has not implemented any 

means by which to filter out harmful speech, the job is done by human moderators (Wohn, 

2019). Volunteer moderators find themselves at the receiving end of traumatic happenings 

including but not limited to declarations of self-harm, threats, negative comments, racially 

motivated slurs, etc. Research has found that users are finding more undetectable ways of 

contributing to toxic chat culture, including but not limited to ‘emotes’ which can be explained 

as visual aids used only on the Twitch platform (Kim et al, 2022). Kim et al. (2022) found in 

their research that the perpetrators of antisocial encounters used these emotes to target 

marginalized communities, because they were able to use the visual aids as a replacement to 

offensive slurs.  

 Other major antisocial encounters have been detected on the platform in the form of hate 

raids where users spam a creator’s chat box with toxic chats and hateful comments that are often 

targeted to a minority group, women, etc. Furthermore, Twitch has been used in the past as a 

medium to broadcast trauma inducing events. The 2019 synagogue attack in Halle, Germany in 

which a gunman killed two people, was livestreamed on Twitch for 25 minutes despite the 

platform’s zero tolerance community guidelines for such activities (O’Connor, 2021). Research 

in the field has also found that the existence of antisocial behavior on Twitch will increase the 
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likelihood that others will also engage in that behavior (Seering et al, 2017). Twitch has been the 

medium for a variety of antisocial acts as the research has shown, and this in large part might be 

due to the affordances of the platform that contribute to such behavior.   

Affordances of Twitch that contribute to antisocial behavior 

 Twitch has some unique affordances that make the platform both dynamic and 

controversial. These affordances may be related to antisocial encounters on the platform. In the 

literature, an affordance is defined as the “inherent functional attributes of a particular object 

emerging in the relationship between actor and object” (Gibson, 1979 as cited by Fox & 

McEwan, 2017; p. 299). The primary affordances of the platform that seem most likely either to 

contribute to or curtail antisocial encounters, are synchronicity, information control, and 

anonymity (Fox & McEwan, 2017). 

  First, the elements used to do the stream are a webcam overlay and a microphone. These 

elements combine to afford users' synchronous streaming of communication (Sjöblom et al, 

2018). With this real time stream of communication comes the possibility of antisocial 

encounters like hate speech, doxxing, harassment, etc. that are difficult or impossible for 

streamers to filter out. From the perpetrator’s end, the synchronicity affords them the opportunity 

to contribute to antisocial encounters by posting messages in the chat box knowing that the 

streamer will not be able to filter it out.  

 Second, creators can set a certain virtual stage where they can build their profile to be any 

way they want to appear to the public, and they can control both what and how much their 

viewers know about them (Fox & McEwan, 2017). Some creators present themselves more 

authentically and are not as open when it comes to revealing aspects of their identity such as 

sexuality, gender identity, race, disability status, etc. This phenomenon where creators can 
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control what they show is referred to as information control (Fox & McEwan, 2017). The lack of 

information control makes them more vulnerable to antisocial encounters, especially because a 

lot of perpetrators target their antisocial behaviors at marginalized groups such as minority the 

LGBTQ community. For instance, research has shown that women experience more insidious 

attacks and harassment than men in general online. (Veletsianos et al, 2018).  

 Third, the social affordance of anonymity makes the platform all that much more 

complicated. Anonymity is the “degree to which users feel their real names or true identities can 

be concealed in a channel regardless of how public or private their communication may be” (Lea 

& Spears, 1991; Resnick, 2001; Rice & Steinfield, 1994 as cited by Fox & McEwan, 2017, p. 

303). Because of the previously mentioned affordance of synchronous communication, 

anonymity can also come into play when it comes to antisocial encounters (Fox & McEwan, 

2017). According to Fox and Tang (2016), anonymity might be the most contributive affordance 

to such encounters, because users feel more comfortable using hate speech or harassment as 

bullying tactics if they feel like it cannot be traced back to them, and if they believe they will not 

be held accountable. Research has shown that anonymity can cause individuals to feel minimally 

constrained by social norms which will make them more likely to participate in harassment in the 

online space (Fox & Tang, 2016). Considering all of the distinct affordances that are available to 

users that may contribute to antisocial behavior on Twitch, I pose my first research question:  

RQ1:  Do any particular perceived social affordances of Twitch predict 

experiencing antisocial encounters? 

Coping 

 The affordances that lead to antisocial encounters may also facilitate several different 

coping strategies on behalf of creators, moderators, and organizations. Coping strategies are 
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employed by individuals in order to minimize the likelihood of being targeted. Although people 

sometimes cope proactively before an antisocial encounter occurs (Fox & Tang, 2016), other 

coping strategies are thought out and done proactively before the antisocial encounter even 

occurs. People may engage in other coping strategies in the moment reactively in order to 

alleviate the situation immediately. Coping strategies can be split into two kinds- proximal and 

distal. Proximal coping represents the strategies that streamers take upon themselves in order to 

minimize the negative impact and cope with the situations. Distal coping strategies are more in 

line with organizational response from the company itself. Proximal coping can include 

behaviors like gender masking, avoidance, denial, seeking help, self-blame, withdrawal etc. 

Research has shown that women gamers and creators are more likely to internalize harassment 

and use proximal coping mechanisms like self-blame, denial, withdrawal, or gender masking 

(Fox & Tang, 2016).  

 There are several examples of proximal coping occurrences on Twitch. First, Twitch 

creators took it upon themselves to go to Twitter in order to spark outrage and gain attention 

from Twitch executives, so that actions would be taken in order to protect the creators. A second 

example of coping poses a manipulation to the affordance of synchronicity – the panic button 

feature. This was created by streamers who were being barraged with the antisocial encounters 

and decided to take their own action as opposed to waiting for the platform to enact such a 

feature (Parrish, 2021). The panic button feature takes the chat space into a limited mode where 

only certain people can comment, and only certain people can join the chat box; people with 

hateful usernames are automatically not allowed to join. The affordance of synchronicity is 

limited with this feature because only certain users will be allowed to participate in the chat box. 

The third proximal coping strategy is more nuanced than the other two strategies. This strategy 
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allows the streamer to use the affordance of information control to their advantage, which gives 

them a virtual stage to present themselves however they wish to be perceived. With this comes 

the opportunity to mask their identity or certain aspects of their identity that makes them more 

vulnerable to antisocial encounters, such as race, ethnicity, disability status, etc. (Fox & Tang, 

2016). The entire concept of identity is left to each creator’s discretion, and if they feel as though 

they are being targeted for a certain aspect of their identity, it can simply be “masked”. This can 

eventually become the most powerful proximal coping strategy due to a certain hack referred to 

as “voicemod” which allows creators to mask their voice (Michael, 2021), essentially making 

their identity a secret and less of a target.  

 Distal coping strategies came into play in response to the proximal strategies enacted by 

users of the platform. The Twitch platform has brought lawsuits to chronic perpetrators as a 

means of support to their creators (Grayson, 2021). However, the anonymity aspect of the 

platform poses a great difficulty in finding every single perpetrator and holding each one 

accountable. Twitch has also committed to features such as filters in chat spaces in order to filter 

out antisocial speech, and block repeat offenders. The empirical evidence chronicling the 

experiences of marginalized groups and their coping strategies in the online space is severely 

lacking. Proximal coping overall, is a result of a lack of distal coping/ organizational response. 

These affordances and the way they influence coping prompts my second research question:  

RQ2: How do users cope with harassment/hostility given the unique affordances 

of Twitch? 

Blame  

 In the literature, blame is defined as singling out the person who violated a moral 

standard (Monroe & Malle, 2019). Furthering that definition, blame is also defined socially as 
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the imposition of costs on the perpetrator who violates moral standards, through personal 

criticism and challenges to their social standing (Monroe & Malle, 2019). People attribute blame 

in order to demand moral responsibility for an action (DeAndrea & Bullock, 2022), in simple 

terms to demand accountability. In the space of online harassment, specifically on Twitch, 

accountability is often lacking. According to the literature, there is no definitive answer currently 

about where accountability lies for such occurrences. Accountability is an important aspect of 

mitigating harm to Twitch users because, if there is no accountability then the likelihood of 

positive change decreases. Additionally, if accountability is absent, the likelihood of recurring 

antisocial encounters increases. In the context of Twitch, if blame is not attributed specifically to 

any individual or group, the occurrence of antisocial encounters may not lessen. However, the 

blame framework according to Malle et al. (2014) shows how blame is a spectrum that is 

dependent on intent and is not merely a wrongness judgement or event evaluation (Malle et al, 

2014). Although a valid framework, this model poses limitations. The path does not ensure that 

there are no other factors that influence blame. Social blame such as that of the Twitch antisocial 

encounters cannot be decided through this framework and requires more empirical evidence in 

order to decide. Additionally, a model for blame cannot be so strictly rational since both the 

perpetrators and victims are humans and human response cannot be fully rational.  

Twitch is a platform that shows the perception of multiple blameworthy individuals. 

When a hate raid occurs, blame can be attributed in two ways- to the perpetrator, or to the 

platform. On one hand, the perpetrator is actively engaging in these antisocial behaviors and is 

directly involved with it, but on the other hand, the only reason the perpetrator even has the 

facility to engage in such behaviors, is because Twitch has not implemented any technology or 

affordance in order to curtail such occurrences and are essentially enabling the antisocial 



ANTISOCIAL TWITCH ENCOUNTERS  9 
 

behavior. Therefore, there is no definitive framework to attribute blame on this front. This leads 

me to pose my final research question:  

RQ3:  Who or what do people identify as responsible for antisocial experiences 

on Twitch? 

Methods 

Study Overview 

Due to the exploratory nature of the current study, a survey methodology was used to 

obtain information from participants regarding perceived affordances, coping strategies, and 

blame attributions in the context of antisocial encounters on Twitch. In order to circulate the 

survey, participants were given a link that led to the survey instrument. Previous studies (e.g., 

Fox &Tang, 2016; Fox & McEwan, 2017) that have been conducted on coping strategies and 

affordances on social media utilized a similar method and sample. The current study was 

conducted with IRB approval and aimed to maintain the anonymity of the participants and their 

data. Furthermore, lack of proficiency in technology did not pose any major problems to 

participation in the current study.  

Participants 

Two-hundred-eight participants initiated the study. We removed two participants from 

the sample for indicating they were under the age of 18. Additionally, we removed participants 

who made it less than 50% of the way through the survey. This led to the loss of 109 individuals 

from the dataset leaving 97 participants for analysis. Of these participants, 63 indicated that they 

were streamers on Twitch. The remaining 34 participants in the study indicated that they were 

general users of Twitch (i.e., not streamers). Participants ranged in age from 18 to 53 years (M = 

29.64, SD = 7.00) and self-identified primarily as men (n = 55; nwomen = 28). Thirteen participants 
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did not report their sex and one identified themselves as Other. Participants primarily identified 

as White (n = 62) with Native American (n = 7), Hispanic (n = 5), Black (n = 3), Pacific Islander 

(n = 2), Eastern Asian (n = 2), Southern Asian (n = 1), Middle Eastern (non-Arab; n = 1), and 

Other (n = 2) also being reported. Twelve participants declined to report their race. 

Study Procedure 

The data collection was initiated by a recruitment invitation posted on subreddits related 

to Twitch and gaming, gaming Discords, streaming related Facebook groups, Twitter, and, 

Tumblr. Once participants began the study, they encountered an informed consent statement that 

required completion in order to proceed to the survey. After agreeing to participate in the study, 

all participants were then asked to report if they were a Twitch streamer using yes and no 

response options. If the participant answered yes to being a streamer, they were then directed to 

questions about perceived affordances. If they answered no to being a streamer but yes to being a 

general user of Twitch, they were also directed to questions about perceived affordances. If they 

responded no to both, they were thanked for their interest and dismissed from the study. After the 

questions about the perceived affordances, participants answered questions about their 

experiences of hostility, the coping strategies they used in response to those hostile experiences, 

and, finally, who they attributed blame to for those hostile experiences. At the end of the survey, 

participants were thanked, and given the opportunity to enter a drawing for an electronically 

distributed gift card. 

Twitch Usage 

In order to further understand different conceptions of the way the platform is used, we 

collected data related to streamer and non-streamer usage of the platform. We presented 

questions related to time spent on the platform as well as a count of accounts following 



ANTISOCIAL TWITCH ENCOUNTERS  11 
 

you/accounts you follow for participants adapted to whether they reported being a streamer or 

not. Streamer participants responded to the open-ended questions assessing their use and 

prominence on the platform: “How often do you conduct streams,” “How many people follow 

you on Twitch,” etc. Non-streamer user participants answered questions related to their use and 

engagement with the platform, such as “How often do you watch Twitch streams,” “How many 

people do you follow on Twitch?”  

Perceived Affordances 

 We collected data on the perceived social affordances of the Twitch platform from both 

streamer participants and non-streamer user participants. Streamer and non-streamer user 

participants were asked questions about anonymity, (e.g., “When using this channel, I can take 

on another identity if I want to,”  “The channel allows me to remain anonymous or unidentifiable 

if I want to”), synchronicity (e.g., “This channel allows for instant communication,” “The 

messages I send can be observed in real time – that is, the receiver can observe me while I am 

communicating”), information control (e.g., “This channel allows me to control how much 

information I am disclosing both verbally and nonverbally,” “This channel allows me to control 

how much information the other person receives”), accessibility (e.g., “This channel is 

convenient,” “It is easy for me to access this channel”), bandwidth (e.g., “This channel allows 

me to receive cues about how the other person is feeling,” “In this channel, I can say not just 

what I want to say, but how I want to say it”), social presence (e.g., This channel makes it seem 

like the other person is present,” “This channel makes it feel like the person I’m communicating 

with is close by”), privacy (e.g., “My communication is private via this channel,” “I expect my 

communication to be private via this channel”), network association (e.g., “Communication with 

someone through this channel makes our connection apparent to other network members,” 
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“Communicating through this channel allows many members of our social network to be part of 

our interaction”), personalization (e.g., “This channel allows me to focus my message on a 

specific person,” “This channel allows me to address my communication only to certain 

people”), persistence (e.g., “This channel keeps a record of communication that I can go back 

and look at,” “I can retrieve past messages in this channel”), editability (e.g., “This channel 

allows me to create a message and delete it before I communicate it,” “This channel allows me to 

edit the message I want to communicate before I actually communicate it”), and, conversation 

control (e.g., “This channel allows me to end an interaction if I need to do so,” “This channel 

allows me to regulate the flow of communication with others”). 

 Reliability analyses indicated that most subscales were internally consistent (see Table 

1). These subscales were generated by averaging their respective items. The personalization 

subscale demonstrated low reliability, so we dropped one item that was reducing consistency. 

Because the two other items significantly correlated (r(91) = .56, p < .001), we averaged the two 

remaining items for personalization. Descriptive information for these subscales appears in Table 

1. 

Experiences of Harassment on Twitch 

Because many Twitch streamers and users centralize video game play when using the 

platform, we adapted Fox and Tang’s (2016) Video Game Harassment measure to collect data 

related to participants’ experiences of harassment when using the platform. We presented 

adapted versions of this measure phrased appropriately to participants depending on whether 

they are reporting experiences as a targeted streamer or a user who witnessed harassment.  

Participants first responded whether they had (i.e., Yes) or had not (i.e., No) 

experienced/witnessed harassment or hostility on the platform. If they responded no, they were 
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directed to the demographics section at the end of the survey. If they responded yes that they 

have experienced/witnessed such activity, then they were prompted to describe the harassment to 

the level that they are comfortable. Following that, the participants reported the frequency with 

which they have experienced/witnessed twelve different behaviors adapted from Fox and Tang’s 

(2016) measure. Participants responded to items such as “User generally insulted me/the 

streamer” on a 5-point Likert scales (0 - Never have experienced to 5 – Very frequently). 

Participant responses to the items from the Fox and Tang (2016) were assessed for internal 

consistency and averaged to form separate indices of hostility experienced by streamers (α = .94, 

M = 2.15, SD = 1.09) and observed by general users (α = .93, M = 2.15, SD = .97). 

Coping Behaviors. 

This section of the study was shown only to those who reported being a streamer. Since 

many streamers default to several different methods of self-preservation in the face of 

harassment, we used an adapted version of Fox and Tang’s (2016) 31-item coping strategies 

measure to collect data related to participants’ preferred coping strategies. The adapted version 

of the measures was a 24-item list that excluded only measures particular to gaming (e.g., the 

participant “used a male/female avatar,”). 

If participants reported being a streamer at the start of the study and reported 

experiencing harassment, they were asked questions to which they responded with either they 

have (i.e., Yes) or they have not (i.e., No) used certain coping strategies. The items posed 

questions about identity masking (e.g., the participant has/has not “used a fake name,” “tried to 

hide their identity”), avoidance (e.g., the participant has/has not “avoided voice chat,” “avoided 

talking to others while gaming,”), seeking help (e.g. the participant has/has not “reported 

harasser,” “discussed with someone outside the stream/game,”), denial (e.g., the participant 
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has/has not “made excuses,” “acted like it didn’t bother me,”), and, self-blame (e.g., “blamed 

myself,” “felt stupid about it,”).  Frequencies of each of these coping behaviors appear in Table 

2. 

Blame Attribution 

In order to measure the different ways in which blame is attributed for harassing 

encounters, we posed a 3-item question to all participants who indicated being a non-streamer 

user or a streamer. Participants were asked questions about who they attribute blame to (e.g., the 

streamer, the perpetrator, or Twitch), and to what level they perceive each party to be 

blameworthy. Responses were recorded on a sliding scale (0 - Not blameworthy to 100 - 

Completely blameworthy). This was then followed by an open ended-question asking if there is 

any other party that is not mentioned in the 3-items, whom the participants perceived to be 

blameworthy for harassing encounters on Twitch. A summary of item descriptives appears in 

Table 3. 

Moral Responsibility 

In order to assess perceived moral responsibility, participants were asked Redford and 

Ratliff’s (2015) 8-item list of questions adapted to address harassing encounters on Twitch. Items 

included statements such as “The perpetrator is morally responsible for treating the streamer 

unfairly,” “Twitch should be punished for the unfair treatment of streamers,”) and were 

answered on a 7-point Likert scale (1 - Completely Disagree to 7 - Completely Agree). 

Participants were asked the same set of questions twice, where one set of questions was adapted 

to be specific to perpetrator and the second set of questions was specific to Twitch. Internal 

reliability was acceptable for the moral responsibility assessments for the perpetrator (α = .81) 
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and the platform (α = .77), so we averaged each to produce a scale for each (Mperp = 5.05, SDperp 

= 1.20; MTwitch = 4.16, SDTwitch = 1.09). 

Demographics 

All participants who qualified to continue the survey will then be led to a demographics 

section where they will respond to items with a combination of open ended and forced choice 

responses. Here participants reported their age, sex, and primary race.  

Results 

Research question 1 (RQ1) asked if any particular perceived social affordances of Twitch 

predict experiencing antisocial encounters. To answer this question, we1 conducted two multiple 

linear regressions. One of the models assessed streamers’ reports of hostility and the other 

assessed general users’ reports of hostility. In both models, perceptions of each of the ten social 

affordances captured via Fox and McEwan’s (2017) perceived social affordances measure served 

as predictors and reported experiences as targets of (streamers) or witnesses to (general users) 

hostility was the outcome. 

We calculated a multiple linear regression to predict hostility experienced by streamers 

based on their perceptions of Twitch affordances. We observed a significant regression equation 

(F(10, 46) = 4.21, p <.001) and R2 = .48. Participants who were streamers identified privacy and 

anonymity as significant predicators of hostility on the platform (pprivacy = .007; panonymity = .029). 

The regression model indicated that an increase in perceived privacy was related to increased 

reports of hostility (B = .44, 95% CI[.13, .75]). Similarly, the model indicated that an increase in 

 
1 Dr. Teresa Lynch, the advisor for this thesis project, principally guided the data analysis process with the student 
investigator’s involvement and participation. Accordingly, the results section is presented as a collaboration of work 
between the student lead of this project, Ms. Sanjana Srinivasan, and Dr. Lynch. All other portions of this thesis 
were principally conducted and presented by Ms. Srinivasan. 
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perceived anonymity was related to more reported hostility (B = .53, 95% CI[.06, 1.00]). No 

other affordances significantly predicted streamers’ reports of hostility. 

We separately calculated a multiple linear regression to predict hostility witnessed by 

general users toward streamers based on their perceptions of Twitch affordances. The overall 

model was not significant (F(10, 19) = 1.21, p = .347) and R2 = .39. However, anonymity did 

emerge in the model as a significant predictor of reported hostility (p = .028). The model 

indicated than an increase in perceived anonymity was related to more hostility (B = .54, 95% 

CI[.07, 1.02]). 

RQ2 asked how users cope with harassment/hostility given the unique affordances of 

Twitch. To answer this question, we assessed participants’ reports of whether they had ever 

engaged in any of the 24 coping behaviors we adapted from Fox and Tang’s (2017) coping 

strategies statements. Participants reported “tried to keep certain aspects of my life private” and 

and “told myself it wasn’t important” as the primary coping mechanisms that they employed 

when experiencing hostility during streaming (see Table 2).  

RQ3 asked who or what do people identify as responsible for antisocial experiences on 

Twitch. To answer this question we first conducted a one-way repeated measure ANOVA using 

the repeated measure of blame attributions provided by streamers. Participants who identified as 

streamers reported their perceptions of blame for themselves (i.e., the streamer), perpetrators, 

and Twitch as a platform. The test violated the assumptions of sphericity and, accordingly, we 

interpreted the Greenhouse-Geisser adjusted report. The model was significant (F(1.47, 72.19) = 

8.05, p = .002). Post hoc pairwise comparisons indicated that streamer participants identified 

perpetrators (M = 66.14, SE = 3.50) as more blameworthy than themselves (M = 46.68, SE = 

4.20; p = .002) or Twitch (M = 51.24, SE = 3.90; p = .01). Although participants did attribute 
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greater blameworthiness for hostility to Twitch compared to themselves, this difference did not 

reach significance (p  = .169). 

General users, however, differed slightly from streamers in their reports. The overall 

model was also significant (F(12, 42) = 11.65, p < .001). Post hoc pairwise comparisons 

indicated that general users identified perpetrators (M = 65.96, SE = 6.79) as more blameworthy 

than streamers (M = 30.00, SE = 4.73; p < .001) and Twitch (M = 44.59, SE = 5.82; p = .03). 

However, general users attributed greater blameworthiness for hostility to Twitch than to 

streamers, as well (p = .01). 

A second approach was taken considering all participants together (rather than streamers 

and general users separately). In this analysis, we compared participants’ reports of the moral 

responsibility  of perpetrators as compared to the platform itself using an independent samples t-

test. Participants attributed greater moral responsibility to the perpetrator (M = 5.05, SD = 1.20) 

compared to Twitch as a platform (M = 4.16, SD = 1.09; t(87) = -5.95, p < .001.  

Discussion 

The prevalence of online hostility and antisocial encounters on Twitch presented a reason 

to investigate user and streamers’ experiences on this platform. The real-world hostile 

experiences (e.g., hate raids, streaming terrorist acts, etc,) that creators and users experienced on 

Twitch prompted the study and its three research questions. The research questions posed were 

reasonably answered by the results gathered from the data.  

Addressing RQ1, the findings showed that, specifically for streamers, there was a 

positive relationship between perceived privacy and experiences of hostility. Similarly, there was 

a positive relationship between perceived anonymity and reported hostility. For general users, 

there was only a positive relationship between anonymity and experiences of hostility. For both 



ANTISOCIAL TWITCH ENCOUNTERS  18 
 

parties, no other predictors of hostility were observed. As previously defined, anonymity is the 

extent to which users believe that their true identity (e.g., real name, gender identity) can be 

hidden on mass communication platforms like Twitch, regardless of whether their 

communications are private or public (Lea & Spears, 1991; Resnick, 2001; Rice & Steinfield, 

1994 as cited by Fox & McEwan, 2017, p. 303). In a similar vein, privacy is the extent to which 

communication is apparent to others, both intentionally and unintentionally. (Boyd & Ellison, 

2007; Culnan & Markus, 1987; Steinfield, 1986; Treem & Leonardi, 2013; Williams & Rice, 

1983). 

These findings concur in part with my expected findings prior to conducting the study. I 

expected to see anonymity as a huge contributor to hostility from a commonsense perspective 

because it is an affordance that is relatively easy to take advantage of in both a positive way from 

the streamer’s end, and a negative way from the perpetrator’s end. In detail, from the streamer’s 

end, creators can use anonymity to their advantage to hide their identity from their audience and 

reduce the likelihood of being subject to hostile encounters. Yet, on the perpetrator’s end they 

can use anonymity negatively to engage in hostility without getting caught since their identity 

cannot be traced. Additionally, my findings on anonymity as a predictor align with the results of 

Fox & Tang (2017) in their study on similar subject matter.  

Privacy emerged as a significant predictor of hostility, whereas I had instead expected 

information control to be a predictor. However, the expectation might align with the result since 

information control allows people to control how much information they are disclosing, and how 

much information the other person receives (Fox & McEwan, 2017). Therefore, information 

control could be an affordance that streamers were leveraging in order to increase their privacy. 
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Specifically, streamers seem to have controlled how much information they shared in an effort to 

keep aspects of their identity private from their viewers. 

As previously mentioned, privacy emerged as a predictor for streamers, but not users. 

Although there is no definitive reasoning for this from the results, I speculate that it is because 

users go into Twitch without the expectation of privacy and without the need to protect their own 

privacy since they are not the ones creating the content and putting themselves on the platform.  

They are simply bystanders witnessing hostility and do not necessarily have a need to utilize 

privacy tactics at that moment. For streamers, the findings were different because they are 

actively the target of the hostility. They have several methods to protect their privacy, the most 

basic one being information control where they can curate what their viewers know about them. 

Despite its relationship to privacy, information control likely did not emerge on its own as a 

significant affordance that streamers used, because only some aspects of information control are 

related to privacy. For example, controlling how much information one receives is not a privacy 

related tactic, but falls under information control. Because of this, streamers likely did not find 

themselves utilizing features that afford information control, but instead only the parts that 

informed privacy tactics such as controlling how much information they are disclosing. For 

streamers, privacy manifested in a manner that could be interpreted one of two ways. First, 

streamers might have used privacy tactics reactively as a proximal coping strategy, as a result of 

increased hostile experiences. For example, they might have experienced a hostile encounter, and 

because of that encounter, they made an effort to hide their identity or keep their personal 

information out of the stream in order to prevent such encounters from reoccurring. The second 

way privacy manifested could be that streamers used privacy tactics to proactively prevent 

hostile experiences. They might have been aware of hostile encounters on the platform and kept 
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their information off the stream to begin with, so that they minimize their likelihood of having 

hostile experiences before they even occur. However, if this had been the case, I should have 

observed a negative relationship such that as perceived privacy went up, reported hostility went 

down. Overall, based off the findings, I deduce that there is a likelihood that privacy is a 

consequence of hostility, and anonymity causes hostility. 

Addressing RQ2, the findings showed that “tried to keep certain aspects of my life 

private” and “told myself it wasn’t important” were the two most utilized coping behaviors 

utilized by streamer participants. These findings are representative of the identity masking and 

avoidance tactics that streamers have referred to when they speak about how to avoid hostility on 

Twitch , in order to protect themselves and others from hostile encounters (Cowton, 2021).  

These findings are align with the coping behaviors reported by participants in Fox and Tang’s 

(2017) study. However, the self-blame coping measures were not significant in this study which 

reflects an unexpected result in a positive direction. Fox and Tang (2017) found that participants 

report self-blaming coping behaviors following hostile encounters online, but the lack of 

significant findings on self-blame coping behaviors in the current study potentially represents 

participants’ more charitable view of themselves.  

Finally, addressing RQ3, the findings showed that streamers more significantly attributed 

blame to the perpetrators when compared to streamers. Interestingly, although general users 

significantly attributed the most blame to perpetrators, this group also attributed more blame to 

Twitch when compared to streamers. The findings for streamers were expected, since the blame 

attribution followed a logical line of thinking where blame is placed more on the individual 

engaging in hostility. However, the findings for general users were unexpected; bystanders that 

viewed the Twitch platform as blameworthy for streamers’ hostile experiences, but streamers did 
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not place significant blame on Twitch. Although there is no definitive conclusion that can be 

drawn from the results about the reasoning behind this difference in blame attributions, there is 

reason to believe that general users might avoid attributing blame to streamers in an act of 

empathy for targets who experience hostility, while the streamers realistically attribute blame 

since it is their personal experience. 

Overall, the results provided an interesting insight into blame attributions by bystanders 

and why general users or viewers of Twitch over-attribute blame as the ones who are not 

experiencing the hostility, while the ones experiencing the hostility under-attribute blame when 

compared to the general users. This insight can be applied broadly to any social networking or 

social media platform and hostile encounters on those respective platforms. 

Limitations 

This study had some significant findings, but it is important to note that the findings of 

this study cannot be generalized to draw grand conclusions about causation yet. The findings 

revealed good insight into correlational relationships between hostility and affordances. For 

example, perceived privacy and experienced hostility had a positive relationship, however, we 

are unable to definitively state the causal relationship between the two; hostility might increase 

the perceived ability to manage privacy. Alternatively, privacy might be the result of experienced 

hostility.  

An additional limitation is that my sample size was considerably smaller than expected. 

In order to reach a point in the results where generalizations can be drawn, the sample size needs 

to be significantly larger with a much larger amount of data collection. The underpowered nature 

of the data can be attributed to several limitations of the recruitment method. The platforms used 
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to recruit were likely not the most fruitful for this kind of research, and I experienced specific 

issues related to recruitment on Reddit.  

There is reason to believe that Reddit’s gaming communities have become increasingly 

unreceptive and unhappy with being the subject of social scientific research. This can be seen 

when visiting various gaming subreddits and their rules explicitly state that they do not allow 

surveys anymore and that their subreddit is not meant to be a research pool. Therefore, it can be 

reasonably inferred that these communities perceive this recruitment call as them being treated as 

a spectacle or something abnormal that must be researched. That dissatisfaction showed in both 

the response to the recruitment call, as well as the open-ended questions within the survey where 

some participants responded very hostilely.  

Another limitation to note is that participants responded very arbitrarily and picked and 

chose questions to answer which led to incomplete data sets and consequently a very skewed 

perception of where the data collection stood at any given time. In fact, nearly all open-ended 

data collected in this study are not reported due to lack of responses, extreme variance, and 

invalid responses. 

It is difficult to say what the appropriate method of recruitment will be for future studies 

of this nature, but it can be safely concluded that Reddit and niche gaming communities are 

unlikely to be receptive to such recruitment calls going forward without significant investment 

by the researchers in rapport building. 

Conclusions 

In conducting this study, I aimed to expand on the scientific community’s understanding 

of content creators’ experiences with hostility, and more specifically who or what they attribute 

blame to when encountering hostility. Considering that the perception of technology is that it is 
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an intangible object that is impossible to regulate, I aimed to hone in on the fact that all 

experiences with technology are the result of decisions made by people, be those people Twitch 

executives or perpetrators. As demonstrated in the study, these human decisions often result in 

hostile encounters through the guise of anonymous technology. With these hostile experiences 

come the attempts to attribute blame with the hopes of accountability. Since blame is becoming 

more prevalent in the masspersonal communication spaces like Twitch, a more systematic 

method to evaluate blame is long overdue. By narrowing our scope to how affordances inform 

experiences, and how these experiences ultimately inform blame attributions, communication 

research can begin to expand by viewing technology not as an object that is difficult to regulate, 

but instead a process of humans making decisions through technology by taking advantage of its 

affordances. The future of this research seeks to build off the current correlational relationship 

and establish a more causal relationship between the affordances of masspersonal 

communication platforms and hostility. That might then be used to create a more systematic 

blame framework for the masspersonal communication space. 
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Table 1. Means, standard deviations, and alphas for perceived social affordance subscales 

Subscale M SD α 
Accessibility 5.41 1.1 0.72 
Bandwidth 5.12 1.13 0.80 
Social presence 4.89 1.32 0.88 
Privacy 4.31 1.69 0.87 
Network association 4.83 1.14 0.81 
Personalization 5.14 1.41 0.63 
Persistence 4.85 1.26 0.78 
Editability 4.87 1.26 0.74 
Conversational control 5.38 1.06 0.81 
Anonymity 5.00 1.05 0.75 
Note: Due to personalization's low alpha, we dropped an item and conducted a correlation as 
described in the measure description.  
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Table 2 . Summary of reported coping behaviors by streamers. 
  

Coping Behavior Frequency % 
Used a fake name (i.e. a pseudonym) 33 52.4 
Tried to hide my identity 36 57.1 
Tried to keep certain aspects of my life private during stream 51 81 
Avoided mentioning identifiable details about myself 46 73 
Avoided showing my face 30 47.6 
Avoided showing my body 33 52.4 
Talked to someone about what happened 43 68.3 
Asked other users for help 36 57.1 
Told the harasser directly it’s not okay 43 68.3 
Reported harasser 43 68.3 
Discussed with someone outside stream 42 66.7 
Discussed with someone inside stream 37 58.7 
Avoided talking to others while playing 28 44.4 
Left stream 29 46 
Streamed privately 26 41.3 
Ended the stream 36 57.1 
Avoided voice chat 34 54 
Told myself it wasn’t important 48 76.2 
Acted like it didn’t bother me 42 66.7 
Tried to forget it 44 69.8 
Put up with it 38 60.3 
Felt stupid about it 36 57.1 
Blamed myself 27 42.9 
Made excuses 28 44.4 
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Table 3. Summary of blame attribution means and standard deviations  
Participant Type Target of Blame M SD 
Streamer   

 
 Self 47.51 29.98 
 Perpetrator 67.18 24.64 
 Twitch 50.11 27.81 

General User    
 Streamer 30.00 22.20 
 Perpetrator 69.48 32.40 

  Twitch 39.78 27.28 
 


